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Many journals now require data sharing and require articles to include a Data Avail-
ability Statement. However, several studies over the past two decades have shown that
promissory notes about data sharing are rarely abided by and that data is generally
not available upon request. This has negative consequences for many essential as-
pects of scientific knowledge production, including independent verification of results,
efficient secondary use of data, and knowledge synthesis. I assessed the prevalence
of data sharing upon request in articles employing the Implicit Relational Assessment
Procedure published within the last 5 years. Of 52 articles, 42% contained a Data
Availability Statement, most of which stated that data was available upon request.
This rose from 0% in 2018 to 100% in 2022, indicating a change in journals’ policies.
However, only 27% of articles’ authors actually shared data. Among articles stating that
data was available upon request, only 17% shared data upon request. The presence of
Data Availability Statements was not associated with higher rates of data sharing (p
= .55), indicating a lack of adherence to journals’ policies. Results replicate those
found elsewhere: data is generally not available upon request, and promissory Data
Availability Statements are typically not adhered to. Issues, causes, and implications
are considered.

Keywords: data sharing, data availability statement, implicit relational assessment

procedure, implicit social cognition

Verifiability is a cornerstone of the scientific method.
Sharing research data is crucial for the advancement of
scientific knowledge through verification. Data sharing
promotes transparency, reproducibility, and credibility
in scientific research, which are essential for maintain-
ing the integrity of the scientific process (Munafo et al.,
2017). One way in which journals have sought to pro-
mote data sharing is through the use of Data Availabil-
ity Statements, which provide information on the avail-
ability and accessibility of research data. In this arti-
cle, I examine the prevalence of both Data Availability
Statements and actual data sharing upon request and
the relationship between them.

It is increasingly common for journals to require Data
Availability Statements to be reported in submissions.
Typically, these journal policies require that a URL to
the publicly available data is reported in the manuscript
or, failing that, the authors state that the data is' avail-
able upon request. Naturally, policies also allow for sit-
uations where it is not possible to share the data for
stated reasons. These policies therefore build on the
same principle that many funding organisations have
built their data-sharing policies around, namely that
data should be "as open as possible, and as closed as
necessary" (European Commission, 2023).

Journal policies requiring and explicating data shar-

ing are to be applauded (e.g., Evans, 2022), as data
sharing is essential to independent verification of re-
sults, efficient secondary use of data, and knowledge
synthesis. Journals are also joined by both profes-
sional societies (e.g., APA, APS, and ACBS) and the
world’s largest research funding agencies (e.g., NIH and
EU) in encouraging or requiring data sharing (Nunes,
2021). The motivation for this study, and the choice
of the specific literature that I examined, came from
my own experience of the difficulty of obtaining data
upon request. Recently, I received peer reviews for a
manuscript I wrote that meta-analysed the reliability of
the Implicit Relational Assessment Procedure (IRAP; for
reliability generalisation meta-analysis see Hussey and
Drake, 2020). Reviewers raised the concern that the
data, which came from two research groups, may not be
representative of IRAP data collected in other labs. To
try to address this point, I contacted other researchers
who had published research using the IRAP to ask them
to contribute their data to the meta-analysis. Often, au-
thors could not be contacted, didn’t reply, or declined,
even when their published articles contained explicit

T use data as singular throughout, following both its modal
usage (Google Trends, 2023) and the recommendations of
leading style guides for the last decade (Rogers, 2012).
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statements that they would share data upon request.

Examination of the literature showed that this anec-
dotal experience was the norm rather than the excep-
tion. Over six decades ago, Wolins (1962) observed that
only 24% of 37 articles published in APA journals, which
had policies requiring data sharing upon request, actu-
ally shared data upon request. Nearly two decades ago,
Wicherts et al. (2006) replicated this effect, observing
that only 25.7% of 249 articles published in APA jour-
nals shared data upon request. More recently, Teder-
soo et al. (2021) examined data sharing upon request
across many fields. Inspection of their openly available
dataset revealed that 40.4% of 57 psychology articles
shared data upon request. A sufficient number of such
studies examining the rate of data sharing upon request
across many areas of science have been conducted that
there is, as of very recently, a systematic review of them.
Hamilton et al. (2023) concluded that across 13 studies
the observed rate of data sharing upon request ranges
from 0% to 37% (no meta-analysis was conducted due
to methodological differences between studies). Finally,
rather than treating the rate of data sharing upon re-
quest as a static property, Vines et al. (2014) demon-
strated that it decays over time: for every one-year in-
crease in article age, the odds of the data set still be-
ing reported as extant (either shared upon request or
declined to shared but reported to exist) decreased by
17%.

Only one study to date has examined the preva-
lence and efficacy of Data Availability Statements within
the behavioral research community, finding a very low
prevalence (6.2%: Lear et al., 2023). However, this
study was limited to the inspection of a single jour-
nal, the Journal of Contextual Behavioral Science. This
study seeks to provide convergent evidence via different
means, by studying data sharing in publications using a
task generated by and mostly used by the behavioral
research community, agnostic to which journal it is pub-
lished in. This study goes beyond Lear et al. (2023)
by studying whether Data Availability Statements trans-
late into actual data sharing upon request. Additionally,
whereas Lear et al. (2023) examined articles published
in a single year, the current work examines a five-year
period to examine trends across them.

Method & Results
Data Availability Statement

All data and code to reproduce the
results reported here are available at
https://doi.org/10.17605/0SF.1I0/8SP7E. All IRAP
datasets that could be publicly shared are also available
at that link. Some datasets that, due to the original

author’s requirements, cannot be publicly shared but
can be shared privately are available upon request
(yes, really!) from the author through my personal
email address (ian.hussey@icloud.com). This address
should remain active over time even if I move between
institutions. Other datasets were provided to me on the
agreement that I would not share them with others,
even privately. These datasets may be available from the
original authors upon request. The existence and avail-
ability of each dataset, as well as contact details for the
responsible persons, are documented in a separate OSF
project (https://doi.org/10.17605/0SF.I0/NUGZB).

Preregistration

This study was not preregistered and its results
should therefore be considered to be exploratory.

Ethical Approval

Whether or not this study required ethical approval
was discussed extensively with peers and with consul-
tation of ethical guidelines (i.e., those by the Ameri-
can APA: American Psychological Association, 2016; the
German DPGs: Deutschen Gesellschaft fiir Psychologie,
2022; and the British BPS: Oates et al., 2021) prior to
its conduction. The consensus among these guidelines
was that this work did not constitute “human subjects
research” and therefore did not require approval. Previ-
ous studies assessing data sharing upon request have
adopted a similar position (e.g., Vines et al., 2014).
Meta-science research such as this is very similar to the
conduction of a meta-analysis. In most jurisdictions, in-
cluding that in which this work was conducted, meta-
analyses do not require ethical approval because they
have no human subjects. To draw a closer compari-
son that provides an intuition pump: individual par-
ticipant data meta-analyses (IPD-MA) involve contact-
ing authors of original studies for access to the par-
ticipant level data, but also do not require ethical ap-
proval. The human subjects in an IPD-MA are the par-
ticipants in the original studies, not the researchers be-
ing asked to share that data. The act of contacting re-
searchers to ask them to share data, and reporting the
rate of data availability, involves no human subjects and
therefore does not require ethical approval for human
subjects research. Furthermore, requiring ethical ap-
proval to request data from authors, or quantify the rate
of availability, is not in line with any common set of
ethical guidelines (e.g., American Psychological Asso-
ciation, 2016; Deutschen Gesellschaft fiir Psychologie,
2022; Oates et al., 2021). This manuscript does lightly
summarise some of the types of reasons that people
gave for not being able to share, but this is brief, anony-
mous, and descriptive, and is in line with the norms
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of our field: we would not typically require ethical ap-
proval to quote or paraphrase from another researcher’s
correspondence with us (e.g., a tweet, email, or letter).

Separately, it is useful to recognise that all but one
of the journals represented in the dataset have explicit
data-sharing policies that the authors agreed to prior
to publication. That is, by publishing in these journals,
the authors agree to the policy that they will share data
upon request. This encouragement or requirement to
share data wherever possible is echoed by professional
bodies (e.g., APA, BPS, DGPs) and funding bodies (USA
NIH, EU Horizon). Lastly, it is also reflected in the Re-
search Data Management policies of many universities,
including those with which many researchers contacted
as part of this study were affiliated.

Article Search

I aimed to contact the authors of every IRAP publi-
cation published in the previous 5 years with a data-
sharing request. In order to choose the articles that I
would attempt to obtain the data for, I reused an exist-
ing published systematic search of the published IRAP
literature (2006 to 2022, in English, listed in the Web
of Science or PsycINFO databases). Full details of that
systematic search, including Boolean search strings, all
materials necessary to reproduce, reuse, or update the
search, all data, and R code to reproduce the analyses
are available in that publication (Hussey, 2023). Given
that data has a half-life, insofar as it becomes increas-
ingly hard to obtain over time, I considered only articles
published within the last 5 years (i.e., those with a pub-
lication date of 2018 to 2022). I excluded articles that
either I or Chad Drake was a co-author of, as I already
had the data for these studies (i.e., they are included in
Hussey and Drake, 2020. I found 52 such articles. The
references for these publications can be found in the
Supplementary Materials (osf.io/ympv6). The number
of IRAP articles per journal can be found in Table 1.

Journal Policies

Interestingly, three of the top four journals have data-
sharing policies that require data sharing. The Psycho-
logical Record requires data sharing except in circum-
stances that must be justified at the time of submission:
“A submission to the journal implies that materials de-
scribed in the manuscript, including all relevant raw
data, will be freely available to any researcher wish-
ing to use them for non-commercial purposes, with-
out breaching participant confidentiality... All original
research must include a Data Availability Statement.”
(The Psychological Record, 2023). The International
Journal of Psychology & Psychological Therapy does not

Table 1

Number of IRAP articles by journal.
c

Journal N articles
The Psychological Record 24
International Journal of Psychology & 8
Psychological Therapy

Journal of Contextual Behavioral Science 5
Frontiers in Psychology 4
Behavior and Social Issues 2
Behavioural Processes 2
Dementia: The International Journal of 1
Social Research and Practice

Emotional & Behavioural Difficulties 1
International Journal of Environmental 1
Research and Public Health

Journal of Behavior Therapy and Experi- 1
mental Psychiatry

Journal of Eating Disorders 1
Motivation and Emotion 1
Social Psychology of Education: An Inter- 1

national Journal

have a data-sharing policy (International Journal of Psy-
chology and Psychological Therapy, 2023). The Journal
of Contextual Behavioral Science requires data sharing
except in circumstances that must be justified at the
time of submission: “It is expected that all authors who
publish in the Journal of Contextual Behavioral Science
will share data upon reasonable request. Therefore, we
ask authors who do not already have their data openly
available to the public to include an author note indicat-
ing ‘Data is available upon reasonable request’. Authors
can request to leave this note out if they can provide an
adequately strong justification for not doing so in the
cover letter.” (Journal of Contextual Behavioral Science,
2023). Finally, Frontiers requires data sharing except
in circumstances that must be justified at the time of
submission: “Frontiers requires that authors make the
‘minimal data set’ underlying the findings described and
used to reach the conclusions of the manuscript, avail-
able to any qualified researchers.” (Frontiers, 2023).

Prevalence of Data Availability Statements

Of the 52 articles, 22 (42.3%) contained a data- shar-
ing statement. Encouragingly, the proportion of articles
increased from 0% in 2018 to 100% in 2022 (see Figure
1). It is worth noting that it is difficult to define a precise
date when these policies came into effect. For exam-
ple, from speaking to the editor of JCBS, these policies
were progressively rolled out through the different lev-
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Figure 1

Percent of articles reporting a Data Availability Statement
by year.
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els of the journal’s article-handling processes over time.
Regardless, results demonstrate that data-sharing state-
ments have moved from absent to ubiquitous over these
years.

Prevalence of Sharing Upon Request

I sent a data-sharing request to the authors of every
article via email. A copy of the email can be found in the
supplementary materials (osf.io/aetpq). In summary, it
stated that I wished to obtain the data from publications
using the IRAP published in the last 5 years; that data
would be screened for any personally identifying infor-
mation and then posted to a project on the Open Science
Framework; and that I hoped that authors could reply
within two weeks to indicate whether they are able and
willing to share the data.

In some cases, authors replied that they could not
allow data to be made public, in which cases I replied
that I was also willing to obtain the data and not make
it public. I also noted that I was willing to sign any
data-sharing agreements that authors felt were neces-
sary. The strategy was therefore to request data to make
it openly available in the first instance, and to request
it be shared with me but not made public as a fallback
option.

In the first instance, I attempted to contact the corre-
sponding author using the email listed in the published
article. If I did not receive a response offering to share
the data, I then contacted the first author, if they were
also listed as the corresponding author. If I again did not
receive a response, I contacted other authors in order
of apparent seniority (e.g., contacting professors before
PhD students). Note that the IRAP literature does not,

at the time of writing, conform to the norm present in
some fields that the final author is considered to be the
“senior” author, so seniority did not easily map onto au-
thorship order. In many cases, a given author instructed
me to speak to other co-authors to obtain the data. This
was therefore a highly iterative process of sending email
requests. At least two co-authors of every article were
contacted. In total, 56 researchers were contacted.

In order to define a study endpoint, results were fi-
nalised 60 days after sending the first email to each
author. This number was based on previous work by
Tedersoo et al. (2021) who demonstrated that authors
who shared data upon request tend to do so relatively
quickly, and the probability of data being shared per day
of waiting falls rapidly over time (50% within 15 days,
75% within 28 days, 90% within 34 days, 95% within
48 days, 97% within 59 days, and 99% within 90 days).

Aggregating results across all co-authors of each ar-
ticle, I received a reply to my email(s) in 82.7%, 95%
CI [69.7, 91.8] of cases (43 articles). Authors reported
being able and willing to share their data in 42.3%, 95%
CI [28.7, 56.8] of cases (22 articles). Authors actually
shared their data in 26.9%, 95% CI [15.6, 41.0] of cases
(14 articles). When authors initially reported that they
would share the data but did not actually do so, the na-
ture of these interactions and the reasons given took a
variety of different forms: some authors simply stopped
replying to emails, some raised ethical or legal issues,
and others reported that the data could only be shared
via a university platform that did not yet exist. Impedi-
ments to data sharing are discussed in more detail later.

Unlike the prevalence of data availability statements,
no linear trend in data sharing upon request was ob-
served between articles published in 2018 to 2022 (see
Figure 2). This was somewhat surprising, given that (a)
more recent years had greater coverage of Data Avail-
ability Statements, and (b) previous work has found
that data availability decreases over time, with a half-
life of between 6 and 9 years (Minocher et al., 2021).

Relationship Between Promissory Data Availability
Statements and Actual Data Sharing

It is useful to consider data sharing in the subsets of
different types of Data Availability Statements. I make a
distinction between statements of actual sharing at the
time of publication (e.g., a URL included in the arti-
cle that links to a data repository containing the data
for the study, or reference to supplementary materials
published alongside the article) and promissory data
sharing (e.g., a statement that data is available upon
request, or upon ‘reasonable’ request).

Three articles’ data-sharing statements represented
claims of actual data sharing at the time of publication.



Figure 2

Percent of articles sharing data upon request by year of
publication.
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Of those, only two (66.7%) actually provided the data
as described, in both cases via links to the Open Sci-
ence Framework and ResearchGate (note however that
I would recommend researchers to use services offered
by not-for-profit entities with longer-term data preser-
vation structures in place, such the OSF, over for-profit
entities such as ResearchGate). One article stated that
“All data generated or analysed during this study are
included in this article and its supplementary informa-
tion files”. However, no such supplementary materials
were available on the journal’s website. In this case,
an author was able to provide the data upon request,
however the inaccuracy of the data sharing statement is
still notable.

Of the 31 articles without a Data Availability State-
ment, 8 shared data upon request (25.8%, 95% CI
[11.9, 44.6]). Of the 18 articles with a promissory
Data Availability Statement, 3 shared data upon request
(16.7%, 95% CI [3.6, 41.4]). That is, data sharing
was descriptively lower in articles with a promissory
data sharing statement than no statement at all. A Chi-
squared test suggested that the presence of a Data Avail-
ability Statement was not associated with a higher rate
of actual data sharing upon request, y(1) = 0.35,p =
.55,

Impediments to Data Sharing

This section contains some slightly more qualitative
reflections on the replies that I received and the insights
they provide into impediments to data sharing. In the
below, I sometimes refer to the number of authors or
cases of a given situation. It is important to note that
these do not perfectly map onto the number of articles,

because (a) some researchers were co-authors of many
articles and conversely (b) sometimes more than one
author replied to my emails regarding a given publica-
tion, and sometimes authors even contradicted one an-
other regarding the existence of data or its shareability.
As such, these cases should be interpreted as examples
of situations that can arise and what can be learned
from those situations, rather than any attempt to esti-
mate the prevalence of such situations.

It is often not possible to correspond with correspond-
ing authors.

Some corresponding authors were simply impossible
to find working contact details for: the email addresses
listed in the article did not work, and no up-to-date de-
tails could be found online, from contacting their col-
laborators or scouring social media. Worryingly, this in-
cluded authors of articles published within the last cal-
endar year (2022). This finding is in line with previ-
ous work that has demonstrated that the rate at which
working contact details can be found decays over time:
Vines et al. (2014) found that the odds of being able
to find working contact details to request data from au-
thors decrease by around 4% per year.

In their replies to the data-sharing request, multiple
authors stated that they were on maternity leave (2 au-
thors), were retired (1 author), or had left academia
(3 authors). Three other first or last authors were not
contacted in the first place because I knew they had
left academia. All are reasonable and common circum-
stances, however, all situations highlight ways in which
promissory data sharing is ineffective due to extremely
foreseeable circumstances. Similarly foreseeable cir-
cumstances that can disrupt data sharing include re-
searchers moving between institutions. Whereas aca-
demics typically put plans in place to cover their re-
search and teaching duties while on leave, less atten-
tion may be paid to handing over responsibility for data
availability.

Sixteen authors were initially responsive to my email
and stated that I should instead contact a different au-
thor for access to the data. Almost universally, these
authors could not provide working contact details for
the authors they suggested contacting (i.e. when I could
not find working contact details myself). Data ‘available
upon request’ policies therefore leave us not only at the
whim of authors’ willingness to share data but also their
willingness and ability to keep and share even more ba-
sic details such as who has the data and how they can
be contacted.

Reasonable steps should be made to be able to ensure
that we can in fact correspond with a corresponding au-
thor. For example, the use of email addresses that are



not tied to employment at a specific institution, and a
deeper understanding of and commitment to the lasting
responsibilities that come with being the corresponding
author.

The ethics of data sharing should be considered holis-
tically. Data sharing has ethical implications, but not
sharing also has ethical and research integrity implica-
tions. Four authors stated that the data could not be
shared on ethical grounds despite having included data
sharing upon request statements in their publications.
In each case, I followed up with a request that it be
shared with me privately without subsequently being
made public and that I was happy to sign any necessary
data-sharing agreement. However, in three of these four
cases, these initial ethical concerns were then made re-
dundant when the authors either replied that data was
in fact lost or stopped replying. This may represent a
selective deployment of caution: much caution placed
on the ethical requirement not to share data in cer-
tain ways, and not enough on research integrity, such
as ensuring that results can be independently verified
and uphold prior commitments to data sharing (e.g., to
journals, funders, and professional bodies).

In four other cases, I was able to appeal to a Research
Data Manager at the authors’ institutions and ask them
to apply the university’s data-sharing policy. In one of
these cases, the author had been non-responsive to my
emails. In a second, the author replied to my emails
but was ambiguous about sharing the data, and then
stopped replying. In the two others, the authors replied
to my emails but directed me to the Research Data Man-
ager to work out the legalities and ethics of how data
sharing could be accomplished. It is worth noting that,
in all four of these cases, the authors had stated that
data was available upon request, and both the journal
and university policy required sharing, but apparently
no actual mechanisms for data sharing had been put in
place to accomplish this until my request. At the time
of writing, eight months after the first emails were sent,
negotiations with the Research Data Manager regard-
ing the specifics of the data-sharing agreements are still
ongoing for three of these cases. The terms of these
data-sharing agreements being debated set a remark-
ably high bar, such as the requirement the data-sharing
agreement would need to be signed by the president of
both of our respective universities (arguably not a scal-
able solution if data sharing was to be as commonplace
as funders and journals wish it to be), and the use of
the data would be limited to reproducing exactly the
same analyses reported in the original publications and
no others (therefore no robustness tests could be exam-
ined, nor could the data be reused for other purposes).
The fourth case is apparently unresolvable as, despite

university policy to (a) retain data and (b) share it upon
request, the university has little power to enforce its
own policies once researchers are no longer employed
by that institution.

Unfortunate and sometimes untimely data losses oc-
cur.

One researcher noted that they did have the data for
multiple studies until very recently but they mistakenly
wiped the hard drive of the laptop on which they were
stored. Given the high concentration of authorships of
IRAP papers by a small number of authors (Hussey,
2022) - a concentration of authorship that is likely to
also be found in many small subfields — even a single
data loss can involve the loss of data associated with
large proportions of the literature, as was the case here.

Non-adherence to journal data-sharing policies, insti-
tutional data-sharing policies, and public statements
about data sharing.

In addition to journals having data-sharing policies,
institutions, and funding bodies often assert their own
Research Data Management policies regarding the re-
tention, storage, and access to data by those seeking to
verify results. Seven researchers were observed to be in
violation of not only journal policy and their own Data
Availability Statements, but also their institutions’ Re-
search Data Management policy. This is likely a lower
bound estimate of the actual occurrence of this: no ex-
haustive search of institutions’ data retention and shar-
ing policies was conducted, and only the policies of in-
stitutes with a larger number of authors or IRAP publi-
cations were inspected. One author was also observed
to contradict their own recent public position about the
importance of data sharing: a co-author of the Associ-
ation for Contextual Behavioral Science’s recent Open
Science recommendations report, which states “we rec-
ommend open data and transparency whenever possi-
ble.” (Task Force on the Strategies and Tactics of Con-
textual Behavioral Science Research, 2021), declined to
share any data.

Finally, there were instances of apparent inclusion of
tokenistic or misleading Data Availability Statements.
One author of several publications — who was listed as
the contact person in the Data Availability Statement
in one of them — when contacted stated that, not only
did they not currently have access to the data, but that
they had never been in possession of it. Data that we
have never been in possession of cannot be shared, and
should not be promised to readers upon request.



Discussion

Results demonstrated that the prevalence of Data
Availability Statements in articles using the Implicit Re-
lational Assessment Procedure has risen from 0% in
2018 to 100% in 2022. This is encouraging and the
journals should be applauded for embracing these poli-
cies.

However, results also demonstrated that very few au-
thors of recent IRAP publications share data on request
(25.0% of 52 articles). Results were therefore very
similar to those observed over 60 years ago by Wolins
(1962: 24% of 37 articles). Hamilton et al.’s (2023)
systematic review of studies of the rate of data shar-
ing upon request observed rates between 0 and 37%
(no meta-analysis was possible due to methodological
heterogeneity). Worryingly, data sharing was no higher
in articles that stated that data was available upon re-
quest (16.7%, 3 of 18 articles) than those that included
no Data Availability Statement at all (25.8%, 8 of 31
articles). Disappointingly, results did not suggest that
Data Availability Statements are associated with higher
actual data sharing.

Limitations
Generalisability

The top-line conclusions of all previous studies cov-
ered in Hamilton et al.’s (2023) review, and indeed the
results of this study, are in close agreement: data shar-
ing upon request occurs in the minority of cases. How-
ever, precise estimates of the rate of data sharing are as
yet unknown. The generalisability of the current esti-
mate of data sharing upon request to other areas of psy-
chology, or indeed other areas of science, is unknown
at this time. The recent systematic review of the rate
of data sharing upon request by Hamilton et al. (2023)
noted that no meta-analysis of the rate of sharing across
studies was possible due to methodological differences
between the component studies, such as differences in
journal policies between fields and differences in how
old the publications were. The estimate provided by
this study is perhaps more likely to correspond with (a)
fields of similarly small size, (b) fields with comparable
journal policies (e.g., requiring Data Availability State-
ments but not mandatory sharing at the time of publica-
tion), and (c) studies considering a similar time frame
(e.g., publications within the last 5 years).

The impact of personal acquaintance on sharing.

The fact that [ was personally acquainted with many
of the researchers contacted may have influenced the
rate of data sharing in some way. I have written cri-
tiques of IRAP research in the past, and it is possible

this could have made some researchers more reticent to
share. On the other hand, the fact that I was acquainted
with many of the authors prior to contacting them for
their data may have lent a degree of ecological valid-
ity to the request: within many small- to medium-sized
fields data requests are likely to come from another re-
searcher who is already known to you. To the best of
my knowledge, only one previous study has examined
this question: Tedersoo et al. (2021) examined data
sharing upon request and quantified whether they were
acquainted with the authors prior to the data requests
they sent (i.e., ‘no contact’, ‘have met’, ‘have collabo-
rated with’). An analysis of their open data suggests that
data sharing upon request in their sample was slightly
higher among researchers already known to the authors
(50% of 12 articles) than those who were not (40% of
272 studies).

The impact of the phrasing of a data sharing request
on sharing.

It is of course possible that the rate of data shar-
ing upon request may be moderated by the nature of
that request, e.g., the phrasing used in the email. Au-
thors may perceive data sharing as a matter of inter-
personal trust, and if they perceive the request to be
overreaching, impudent, or otherwise distasteful they
may be more likely to refuse, ignore or disengage from
the request. To the best of my knowledge, no work
to date has experimentally manipulated the phrasing of
data sharing requests in order to assess its impact on the
efficacy of such requests. Future research may wish to
do this. However, at the same time, we should be wary
of making compliance with data sharing requests the
responsibility of the requester rather than the authors,
where those requests are a matter of compliance with
professional standards, journal policy, institutional pol-
icy, funding body policy, and/or the authors own written
prior commitment to do so. Given that some authors
are simply disinclined to share their data despite the
requirements to do so, it may be more effective for the
field to attempt to enforce these existing requirements
rather than attempt to solve the issue by finding the op-
timal way of phrasing the request.

Data usability and computational reproducibility.

Of course, not all shared data is useful, and data shar-
ing is not an end in itself. Data sharing merely (a) en-
ables verifiability of published analyses, and (b) enables
reuse for novel purposes. Even when data is technically
complete and shared, poor documentation (e.g., the ab-
sence of high-quality codebooks) can limit the degree to
which it can be used for verification or novel purposes
(Horstmann et al., 2020). Separately, recent research



has demonstrated that even when data and code are
openly shared at the time of publication, the results of
relatively few publications can be precisely reproduced
(e.g., only 1 of 12 articles: Criiwell et al., 2023). Addi-
tional research would be required to estimate the com-
putational reproducibility of results reported in IRAP
publications based on shared data.

Implications

While the overall rate of data sharing is disappoint-
ing, the non-adherence to journals’ data sharing poli-
cies — which authors explicitly agree upon submission
— is obviously unacceptable. If authors are shown to
routinely disregard this specific journal policy (and in
some cases also their institutional Research Data Man-
agement Policies and their own public positions on data
sharing), this raises the question: has the research in-
tegrity of other as-yet unexamined elements of the re-
search process also been undermined?

Unfortunately, perhaps these results are less surpris-
ing when viewed through the lens of the incentive struc-
tures in science. The contingencies that govern scien-
tific research generally stop at the publication of a given
article. Publications typically function as reinforcers.
Curating data and code to make it openly available,
or even genuinely sharable upon request, has few re-
inforcers: it is more work for little reward. Nonethe-
less, there are now many resources which provide prac-
tical guidance to researchers on how to share data more
easily (Gilmore et al., 2018; Meyer, 2018). Research
elsewhere has considered other specific elements of the
research process that make data sharing easier, such as
the content of consent forms in light of the EU’s GDPR
data legislation (Hallinan et al., 2023), how-to guides
on using data sharing platforms such as the Open Sci-
ence Framework (Soderberg, 2018), and tools to easily
create data codebooks that allow others to interpret and
use shared data (Horstmann et al., 2020).

Equally, there are currently few punishers for fail-
ing to adhere to Data Availability Statements. As em-
ployers, institutions have more scope to enforce Re-
search Data Management policies among their employ-
ees as a matter of research integrity. Having spoken to
them about the unfulfilled data requests described here,
many institutions’ Research Data Management and Re-
search Integrity offices seem to have a growing interest
in defining and enforcing such policies. However, as
yet, journals have asserted relatively fewer demands on
authors. Some journals go further than requiring Data
Availability Statements and actually require data and
code to be shared as a condition of publication. A small
number of journals even check the computational re-
producibility of results prior to publication (e.g., Meta-

Psychology). No journal as yet has established any
punishment mechanisms for breaches of data-sharing
agreements, such as a policy of rejecting future sub-
missions to the journal if they receive and verify a re-
port of a refusal to abide by the data-sharing agreement
in a previous publication. These policies and others
would all likely be extremely effective in increasing data
sharing, however, they also require yet more invest-
ment from already under-resourced journal staff, most
of whom are volunteers. No solution to these problems
is trivial, but in my opinion, the current state of affairs is
untenable. As stated in previous similar articles, I con-
clude that “statements of data availability upon (reason-
able) request are inefficient and should not be allowed
by journals” (Tedersoo et al., 2021). The presence of
Data Availability Statements that are not adhered to or
enforced in any way risks giving rise to what is referred
to as ‘Open Washing’: the appearance of transparency
without adequate follow-through (Villum, 2014).

Hardwicke et al. (2018) studied the impact of a
change in policy at the journal Cognition from encourag-
ing data sharing to mandating open data sharing at the
time of publication on the actual rate of data sharing.
In one sense, results were encouraging: sharing of open
data alongside the publication rose from 22% (of 104
articles) to 62% (of 136 articles). In another sense, it is
somewhat dismaying that even a journal requirement to
make data available prior to publication — a policy that
is in principle enforceable by the journal, which could
withhold publication until the requirement is met — did
not produce universal data sharing.

Of course, data sharing is not a panacea or an end
itself, but merely one step towards increasing the re-
producibility of findings and unlocking data reuse po-
tential. Recent research has demonstrated that even
when articles share their data, the results reported in
the articles can only be precisely reproduced in a small
minority of cases. If future research is to become in-
creasingly reproducible, it will have to become not only
increasingly verifiable through transparency but also in-
creasingly verified through actual checks, at least in a
proportion of cases. It may also be the case that even
a small but non-zero expectation that others may actu-
ally ask for our data or check our reported results for
their accuracy may increase their reproducibility. If so,
although studies such as the current one do not show
support for the efficacy of low-intensity data-sharing in-
terventions such as Data Availability Statements, it is
possible that the act of conducting research such as this
also acts as an intervention. Historically, the probability
of being asked to share one’s data is quite low. Stud-
ies such as the current one, or indeed the potential for
future journal-wide audits of data sharing held on a reg-



ular basis (e.g., Lear et al., 2023), may serve not only to
test but also to establish normative expectations of data
sharing.
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